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Abstract. The advent of generative Artificial Intelligence (AI) has brought about
profound changes in society, education, and the professional realm. Machine
Learning models have created remarkably sophisticated language generators,
blurring the line between human-authored content and Al-generated text. This
poses a challenge for educators and professionals in distinguishing authentic work
from instances of plagiarism. This study investigates the fundamental distinctions
between human and Al texts by analyzing perspectives from human points of
view. It aims to present the outcome of those five questions that we examined
about human perceptions of text composition and contrasting them with computer-
generated text. By exploring this, it aids in upholding academic integrity and
contributes to advancing our comprehension of Natural Language Processing.
In essence, this research strives to maintain academic credibility in a landscape
transformed by Al and nurtures the growth of more equitable Al technologies.
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1 Introduction

Machine Learning (a key part of Al) has led to the creation of advanced Large Language
Models (LLMs). These models can produce very realistic text that resembles human
writing. It’s getting harder to tell if a text was written by a person or generated by Al,
and this puzzle has attracted a lot of media focus [1]. A model like ChatGPT has gained
widespread attention and quickly drawn millions of users [2]. ChatGPT is like a smart
tool that understands and generates human-like text. It uses a bunch of clever techniques
to quickly create clear and logical sentences. It can match the way humans write, and
this is the important focus of this paper. The tool uses model that learned from a lot
of text. The new version, ChatGPT 4.0, released in April 2023, is even better and can
handle a lot of information at once.

Generative Al has a lot of good things it can do for society, but there’s a worry about
fake academic work made by this kind of technology. There is a need to ensure that
assignments completed by Al are not included in assessments. Additionally, it is crucial
to be able to distinguish between Al-generated work and human-produced content.

ChatGPT and its associated bots have smoothly become a part of many popular
websites. Chances are you’ve come across their capabilities without even realizing it.
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Of particular importance, ChatGPT has created a versatile tool that can be utilized by a
wide range of websites, software, and applications for tasks such as generating art and
composing music. This expansion has considerably increased ChatGPT’s popularity,
drawing in users from various backgrounds, extending beyond computer scientists and
engineers, who can enhance their work processes and more through its features.

Our objective is to unravel the distinctions between texts authored by humans and
those crafted by machines. To achieve this, we commence with a questionnaire, which
serves as our initial step. Concurrently, we gather human-generated texts for further elab-
oration in subsequent stages. Employing a unique approach to language comprehension,
we seek to shed light on this differentiation process. It’s a small study that looks into
this topic, and it’s important because it can help make sure that when we use Al like
ChatGPT to write, we also give credit to the right sources. This research also gives us
some good ideas about how tech companies, researchers, and schools can work together
to stop cheating and copying. This can help students use Al in a positive way to help the
world or augmenting their works.

The research question is the same as what we first asked in the title, but because
the article is meant to present a smaller outcome of the study, we will only present the
responses pertaining to the five questions discussed in Sect. 3.3.

2 Literature Review

Researcher has mentioned that the long-term consequences of generative Al are uncer-
tain; it could either greatly improve our lives or lead us into a disastrous future [3]. Having
spent the past year experimenting with ChatGPT, I've come to realize that allowing stu-
dents to use ChatGPT for their school assignments or other tasks is actually a beneficial
idea.

Generative Al can be a helpful tool for students to learn more about different theories
and enhance their overall understanding. It can answer many questions without students
feeling embarrassed in front of their classmates. This technology lets students explore
ideas quickly and satisfies their curiosity [4]. Moreover, it allows students to ask multiple
questions without burdening teachers with excessive demands. This extra help gives
teachers more time to focus on important tasks. This approach can improve students’
knowledge and assist with their schoolwork, broadening their understanding.

When used like this, the risk of cheating is quite low. In a paper titled “Should Using
an Al Generator be Plagiarism?”, Frye [5] brings up an interesting idea. He says that if
students can get good answers using Al, then the questions they’re asked might be too
easy. Interestingly, ChatGPT is a coauthor of his paper, adding a clever twist. Though
his comment might seem a bit critical, there are valid points to think about [5].

To delve deeper into how ChatGPT operates, here is a list of nine key points to con-
sider. 1) Structured Responses: ChatGPT maintains an organized writing style, present-
ing ideas coherently. It typically starts by summarizing the main points of the questions
and then provides a comprehensive response. This is often followed by a concluding sum-
mary [6]. 2) Thorough Explanations: ChatGPT’s tendency to offer detailed responses is
shaped by Reinforcement Learning with Human Feedback (RLHF). It usually provides
thorough explanations unless specifically asked for brevity [7], in other words, Chat-
GPT tends to give long and detailed answers because of the way it learns from human
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feedback. It usually provides these detailed answers unless you ask for a shorter one.
Sometimes, the way it writes can affect how human perceive it [8]. 3) Neutral Handling
of Sensitive Topics: When discussing sensitive subjects, ChatGPT remains neutral. This
quality is especially useful for addressing politically charged issues, as it avoids bias
or harmful content [9]. 4) Recognizing Knowledge Limits: ChatGPT acknowledges its
limitations and refrains from answering when it lacks the necessary information [10].
5) Occasional Fabrication of Information: At times, ChatGPT may generate incorrect
details, particularly when responding to queries beyond its expertise [11]. 6) Use of
Repetitive Phrases: The model might use certain terms repeatedly, resulting in lack of
variety in its output [12]. 7) Following Set Patterns: ChatGPT’s sentences can adhere to
specific templates, leading to predictable language patterns [13]. 8) Contextual Accu-
racy: ChatGPT’s responses might lack accuracy in the context, leading to logically or
contextually irrelevant information [14]. 9) Filling Information Gaps: Even if ChatGPT
doesn’t fully grasp the context, it attempts to fill in gaps using patterns from its training
data [15].

Text analysis researcher has demonstrated the capability of human text to convey
nuanced sentiment [16], particularly in the context of text messaging and written conver-
sations, effectively capturing the intricacies of human communication through written
text. As human beings, our communication goes far beyond the literal, influenced by
the nuances of language and culture. For instance, studies have explored the detection
of sarcasm [17] in human language and the concealed that emotions within text could
potentially reverse the intended sentiment the polarity of expression [18]. Others study
also stated that the repetition of words could affect the intended sentiment [19]. As
part of composing this paragraph, a straightforward query was presented to ChatGPT,
prompting the generation of a sentence that incorporates both sarcasm and emotion, as
demonstrated in the response: “Oh, wonderful! Another Monday morning at work, my
absolute favorite time of the week.” This raises the question: Can the emotions conveyed
through the way words are used in writing help us tell the difference between text written
by humans and text generated by ChatGPT?

3 Methodology

3.1 Data Collection

The study uses a combination of methods. It looks at both the text itself and uses numbers
to analyze and model the data. The focus is on understanding how Al-generated text
differs from human-written text. The study involves comparing 66 summaries of research
papers abstract made by Al to those made by human. These summaries are taken from
abstract from one specific author, keeping the consistency of topic/theme on check. The
aim is to compare how well Al and people can summarize the same research.

To engage participants, a focus group was organized at University, where an adver-
tisement was placed in the main foyer. This group was informed about the purpose of
study, which would take around 15 min to complete. A computer lab was arranged,
equipped with computer for respondents to respond. This setup allowed for in-person
informed consent, immediate response to participant queries, and clear instructions.
Additionally, participants were invited to a ChatGPT workshop, designed by OpenAl,
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which showcased the benefits of generative Al and its practical applications. The work-
shop aimed to teach attendees, including teaching staff, students, and non-teaching per-
sonnel, how to utilize ChatGPT effectively. It demonstrated how to write simple prompts
and showcased the system’s capabilities. Participants were enthusiastic about joining the
research, especially since attendance at the workshop was offered in exchange for their
participation. Light refreshments were also provided as a token of appreciation for their
time.

3.2 Participant

A total of 66 participants took part in the study, with 59% being male and 41% female.
Among them, approximately 42% had a postgraduate background, 30% were undergrad-
uates, and 28 % had an educational background of A levels and GCSEs. Participants from
various educational backgrounds were engaged in summarizing the texts. Following the
summarization task, participants answered five personal perspective questions. They
were given a 15-min window for summarization to encourage natural responses without
overthinking. Throughout the study, participants’ identities were kept confidential. Eth-
ical approval for the study was obtained before conducting the experiment. Participants
provided basic information such as gender, education, age group, and whether English
was their first language.

3.3 Survey/Questionnaire Design

To gauge participants perspective towards text disguising, participant was asked to rate
the score on all the following questions on a scale on 1 to 5 (with 1 being “strongly
disagree”, 2 being “disagree”, 3 being “don’t know or neutral”, 4 being “agree” and 5
being “strongly agree”).

1) Errors in grammar are key indicators that text has been generated by humans?

2) Repetition in text is a key indicator that text has been generated by humans?

3) Emotional meaning (underlying emotional nuances, tones, or sentiments conveyed
through the choice of words, phrasing, and overall expression of the written content)
is a key indicator that text has been generated by humans?

4) Mistakes around capitalisation, grammar and syntax are key indicators that text has
been generated by humans?

5) Connotations (the emotional or cultural associations that are evoked by certain words,
phrases, or expressions beyond their literal or dictionary definitions) are key indicators
that text has been generated by humans?

4 Results

Figure 1 displaying the outcomes of the perspectives on the five questions posed earlier.
Out of the total participants, 61 responded to the questionnaire, as five participants
did not provide answers, rendering their responses invalid. The mean ratings for each
question are as follows: Q1 - 3.39, Q2 - 2.87, Q3 - 3.80, Q4 - 3.49, Q5 - 3.70. Generally,
there is not a significant difference in the ratings, except for Q2 where there seems to
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be more disagreement regarding the notion that text repetition is a clear sign of Al-
generated content. The responses also indicate a higher level of agreement concerning
the influence of education on writing style and sentiment towards the choice of words
and phrasing.
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Fig. 1. Viewpoint from human created text

It’s interesting that about half of the people strongly agree that when there are mis-
takes in things like capital letters, grammar, and how sentences are put together, it’s a
good clue that a human wrote the text. So, these little errors might be like a fingerprint
that shows if a person or a machine wrote something.

Also, a lot of the participants think that some words or phrases can make you feel
certain emotions or remind you of specific things from your culture. It’s like words can
carry extra meanings beyond what you find in the dictionary. This kind of special feeling
in the words seems to be something that humans are really good at, and it’s not easy
for machines to do the same. The fact that many people agree with these ideas helps us
understand that there are still parts of how humans use language that machines haven’t
quite figured out yet.
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Conclusion

In conclusion, our aim was to provide insights based on the responses to the questions,
shedding light on society’s viewpoint. Despite the limited responses from the UK, we
managed to gain valuable insights into the aspects agreed upon by human respondents
regarding their perspective on human-generated language. In the future, further studies
will delve into the topic, focusing on the determination to uphold academic integrity. Fur-
thermore, this research aims to increase awareness and organize workshops for informing
different stakeholders, particularly those in academia, about the ways Al can enhance
various aspects of their work. It also encourages exploration of what distinctions remain
between human-generated and machine-generated text.
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